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THE PROBLEM

FATIGUE

EROSION
FATIGUE

Fracking Oil and Gas 
extraction uses coiled 
tubing in a wellbore.

Eventual bend fatigue 
and slurry erosion in 

bottom 200 meters of 
tubing cause wear and 

tear that render the 
coil unusable.

Predicting fatigue and 
erosion improves 

fracking sustainability 
for clients.

Our Team

OUR  METHODOLOGY
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POST 
FATIGUE

4 MILLION+ MODELSTARGET VARIABLE:

BEST FATIGUE ML: GRADIENT BOOSTING RESULTS

OURS OBJECTIVE

RESULTS
*WILL CONTINUE TO IMPROVE

OURS OBJECTIVE

Both models ready 
and approved for 

live deployment and 
usage on Element 
Technical Services 
in-house software. 
Clients able to use 
both models with 
immediate effect.

FATIGUE  EROSION

OUTPUTS 
VALUE

OUTPUTS 
GRAPH

Distribution of Residuals for Gradient Boosting
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ARCHITECTURE DEVELOPMENT

BEST EROSION ML: RANDOM FOREST

FEATURE 
ENGINEERING
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MEAN ABSOLUTE 
PERCENTAGE ERROR

<15 %

MEAN ABSOLUTE 
ERROR

<0.3 

VS

MEAN ABSOLUTE 
PERCENTAGE ERROR

50 %

MEAN ABSOLUTE 
ERROR

0.5 
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